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DATA

Which dataset do
you want to use?
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Ratio of training to
test data: 50%
e

Noise: 0

Batch size: 10
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REGENERATE

Epoch

000,600

FEATURES

Which properties
do you want to
feed in?

Learning rate Activation Regularization
0.03 v Sigmoid - None v
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This is the output
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Regularization rate Problem type

Classification v

0 .

OUTPUT

Test loss 0.032
Training loss 0.018

Colors shows
data, neuron and ! !
weight values.
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Shallow Deep

Seide, Frank, Gang Li, and Dong Yu. "Conversational Speech Transcriptiol
Using Context-Dependent Deep Neural Networks." Interspeech. 2011.
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